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p=#P/(#P + #N)
1-p
ent(p) = - p log, p - (1-p) log, (1-p)
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ent(p,)

ent(p,)

0

n,=n-X
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Entropy Gain / Information Gain
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ent(3/8) ent(5/8) = ent(3/8)
= - (3/8)log,(3/8) - (5/8)log,(5/8)

=0.95444
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L. Hyafil and R. L. Rivest: “Constructing Optimal Binary Decision Trees 1s NP-complete,”
Information Processing Letters, Vol. 5, No. 1, May 1976
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{j, ..., k¥ H¥ Entropy Gain Z#ax X1t

Shinichi Morishita. On Classification and Regression. Proc. of First Int‘l Conf. on
Discovery Science, Lecture Notes in Artificial Intelligence, Springer, Vol. 1532,
pages 40-57 (1998)

http://mlab.cb.k.u-tokyo.ac.jp/~moris/paper/ds98.pdf.gz
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(n, m)

Ent(v) = max{Ent(vl), Ent(v2)}

Ent(v2) [¥&wR/IMEZD T
Ent(v) = Ent(vl)
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(n, m)

y=AX + a
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